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In this research, we tackle the problem of detecting document infringement, which is
considered as a severe problem owing to the convenience of Internet. Typical information
retrieval methods, stopword-based methods and fingerprinting methods are commonly used
to detect infringement by using sequences of words as they appear in the document. As
such, they fail to detect infringement when an author reconstructs a source document by
re-ordering and re—combining phrases. Because graph structure fits for representing
relationships between entities, we propose a novel infringement detection method, in
which we use graphs to represent documents by modeling grammatical relationships between
words. Experimental results show that our proposed method outperforms two 7—gram methods
and increases recall values by 10%.
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_ Source doc

We propose a novel approach for
solving the perceptual grouping
problem in vision. Our approach
aims at extracting the global
impression of an image. We treat
image segmentation as a graph
partitioning problem and propose a

novel global criterion, the
normalized cut, for segmenting the
graph.
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_ Plagiarized doc

In this paper, we treat image
segmentation, i.e., the perceptual
grouping problem in vision, as a
graph partitioning problem and
aim to extract the global
impression of an 1image. We
propose a novel global criterion
for segmenting the graph, called
the normalized cut.

lza

vision,, oh
problem Séqment
\\ . : -
= criterion

segmentatlon p;(;pos "
treat {

image s
_of ! extract

impression
X3 EIEEE ST 70k

(2) 77 7 OFELE R R

77 7RO UT 5y 7T TGRS
EHOBIE-RBRELRRL, BRATLITUX
LERFRE LT, Z’:‘@?’/l/:“U ALFIRE LT
HRTNTY X LERT. ALY —AE
MOEWMEIND T T T HE, REXENSE
o777 6 bl — REERT
TG A—H k @ ) — N REREA £
NG A=K 6 ThHsD. HhixcL HFFEE
THEY T T TEAETHD.

TN XL EBEBMICHAT S, HICH
DI, — K (Gl — F& TICEBHT
B) LEORKICHD ) — N TSNS E
D777, CIZEUT ST 7 nb D
e blE, REXCERLICRS. 7»:JXA
IT— 2 DREFR IR L, BKRERES
7%%%?‘5 (B8%% match).

— K v & uldBEWICFRIFREE I3 EEE
'C&ﬂhi v ukigm ) — REMES, 7oA
U XL T, B9 common &2 AW Tk 7 —
F&3 95, WordNet &\ 9 M aEEE %)
ATz kicky, BAaziEEstH LR
EyELMRETOIZENTES. £, AR

SHERBHOZEMEEZEET LD, /8T A—
Xkt 0 EHAWTCEH S~y TF 7 (inexact
matching) O FEEREE L.

Algorithm of our discovery algorithm

Input: suspicious graph G, source graph H, k, &
Output: pairs (g, i) of similar subgraphs

(Vs, Ug) «— common(G, H);
while pop(V;, Us) do
(v, u) < pop(V;, Uy);
if v and u are not in any pair of (g, &) then
(g, h) — match(G, H, v, u, 9);
if SimNodeNum(g, &) > k then
output(g, h);
g« 0 h— @;
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