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In this research project, we aimed to develop scalable deep learning
algorithms using the latest brain science findings, and have conducted research on flexible
knowledge processing mechanism. There are two points to achieve this mechanism; a general-purpose
knowledge processing model applicable to various tasks (applications) and a calculation model
optimized for parallel processing capable of processing large-scale data in real time is there. The
basic & theoretical research part and applied research part have been progressed as scheduled, and
the results have been published as international conference papers and domestic journals.
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— 7 K& DA & RIS D HFFE N KIEICHEA TV D, ZOHR THEFICHRITTIE, HRHing
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