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Research on unified models and techniques for recognizing multilingual
handwriting from touch based input devices
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Based on the highest recognition technologies by explicit segmentation
methods established in Japanese online handwriting, we proposed a comprehensive model and applied it
to multilingual handwriting recognition such as English, Chinese and Arabic, and we realized
performances and advantages more than each technique while containing the merits of the existing
techniques for each language.
By using large-scale databases made in Institute of Automation, Chinese Academy of Sciences and
University at Buffalo, Buffalo, NY, USA, and turning a PDCA cycle on comparison with the existing
techniques, we have achieved the goal. We presented the research results at the places such as
international conferences and article magazines and exchanged opinions necessary for studies.
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