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Developing a hybrid screening method based on machine learning with Ligand
database
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This research focuses on a hybrid machine learning method to predict
chemical properties of drug candidates using ligand databases. In-silico screening is a promising
selection method for drug discovery, we have combined support vector machines with inductive logic
programming, yieding a new method for improving the predictive accuracy for drug candidate
selection. Moreover, p53 targeting radio protective compounds are predicted to decrease the side
effect of radio based therapy. The outcomes are presented at a journal and international conference

proceedings.
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F-measure
VR ikt AMPC CP2CY9 CP3A4 FABP4 FGFR1 MK10 NOS1
SVM 0.851 0.838 0.865 0.925 0535 0.878 0922
RandomForest 0814 0810 0.818 0.909 0.541 0.871 0.904
ILP(IEZ=45) 0.774 0.744 0.785 0.830 0.591 0.827 0.842
ILP(E&=451) 0797 0733  0.737 0.901 0467  0.799 0.712
SVM + RF 0844 0.836 0.865 0.928 0532 0.883 0.927
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REFX 0876 0.840 0.876 0.938 0599 0.891 0.933
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