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Development of a three-tierd ontology framework to realize high-quality
knowledge extraction

Kimura, Eizen
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Acquiring an ability that can infer the causes and symptoms leading to an
adverse event is required to discover potential adverse events from medical records. We tried to
develop the methods to test the hypothesis that a sentence with distributed representations of words

in vectors similar to the vectors calculated from sentences defining adverse events may include
adverse events. In order to obtain quality distributed representations of medical terms, we analyzed
the contents of electronic medical records. We developed a method for extracting mapping candidates
by clustering and detecting outlier of distributed representation of words in vectors to map
between UMLS; the ontology defines inter-concept relationships and medical terms. Binding medical
terms with the ontology is intended to enable inferring from peripheral concepts without direct
concept by back-tracing peripheral concepts from hierarchical relationships of concepts.
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