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Establishing Innovative Machine Learning Mechanism by Cerebellar Spiking Neural
Networks
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It is well known that conventional machine learning methods cannot be
adopted against dynamically changing systems, adequately. Wile, we have attempted to establish
innovative machine learning mechanism, which can be adopted to such systems, by cerebellar spiking
neural networks. As the results, we have constructed the spiking neuron models and their networks

corresponding to physiological cerebellar learning system. This cerebellar spiking neural network
induces the chaotic resonance that enhances the learning ability.
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