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We have been researching on elderly care robots, especially for watching
over the elderly. The following technologies have been studied: recognizing the elderly to be
watched over by image processing, moving a robot to follow the elderly, and recognizing the elderly
by gait recognition.

To recognize the elderly by image processing, we have applied mobilenetSSD algorithm and have found
that the algorithm could recognize human even at near distance, at which the skeleton based human
recognition did not work. To move a robot to follow the elderly, we have used SLAM (Simultaneous
Localization and Mapping) to make the map of a room, and also using the above image processing to
recognize human, and to measure the distance between the human and the robot. To recognize the
elderly by gait recognition, we have make use of an RGB-D sensor to get the skeleton data of the
elderly. We have achieved 91 % accuracy of gaits not only for straight walk but also for free walk,
using deep learning.
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Accuracy of gait recognition.
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