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Generating Saliency Map for Images with Leading Lines
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Deep Learning

Researchers have proposed a wide variety of saliency models,ranging from
models that use local,low-level image features to recent approaches that incorporate semantic
information and deep learning. However, these models do not account for the visual attention related

to certain global structures evident in images. We focused specifically on “ leading-line”
structures, in which lines converge on a single point.We have conducted the experiments to
investigate the visual attentions in images with leading line structure and proposed a new saliency
model combining the low level feature of center-surrounding differences of visual stimuli, the
semantic feature of center-bias and the structure feature of leading lines. Experimental results
show that our model outperforms the existing models with all the representative evaluation metrics
of saliency map for the images with leading line structures.
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