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Part-based 3D model retrieval queried by keywords representing parts
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This research addressed the problem of part-based 3D shape retrieval, which
searches, from a database, 3D models that include parts a user desires. To achieve practical
part-based 3D shape retrieval, | developed a 3D shape retrieval system queried by “ keywords
representing parts” . In particular, I focused on developing an auto-tagging algorithm for partial
3D shapes. Proposed algorithm associates geometric features of partial 3D shapes and semantic
features of keywords by using deep learning technology. Tagging to partial 3D shapes is processed
based on distances among the associated features. Empirical evaluation demonstrated that the
proposed algorithm yields nearly 70% accuracy for tagging to partial 3D shapes and retrieval queried

by keywords. This accuracy would be sufficient for some application scenarios.
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