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Reduced-precision formats for high-performance and energy-efficient computations
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This study explored the possibility of reduced-precision formats which have
shorter bit length against the IEEE 32/64 bit floating-point for enchance the performance of
numerical computations in terms of both computation speed and energy efficiency. We proposed a
light-weight implementation of reduced-precision formats on software and demonstrated the
performance improvement, in terms of both speed and energy efficiency, on some data-intensive
operations on basic linear algebra.
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