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Video summarization from a set of videos controlled by text input
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This_work aims at automating video editing and establishes techniques for

automatically generating a video summary from an original video or a set of them. Generally, a video
contains various events occurring in various scenes, and it is not obvious that which events should
be included in the resulting video summary. In this work, we considered two approaches for video
summarization: One approach determines each frame"s importance based on certain types of user input.
The other approach attempts to reduce the redundancy in the resulting video summary while covering
the content of original video as much as possible. For respective approaches, we proposed video
summarization methods and experimentally demonstrated their effectiveness. We also reconsider the
evaluation of video summarization method and developed a new method for evaluation.
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