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We have developed a nonlinear feature selection algorithm for ultra-high
dimensional data (more than 1 million features with tens of thousand data samples). To the best of
our knowledge, this is the first algorithm that scales to such data. Moreover, for non-machine
learning researchers, we developed a python package "pyHSICLasso™ and distributed the code through
Github. Now, we can install the software using "pip install pyHSICLasso". Finally, our research
paper entitled "Ultra High-Dimensional Nonlinear Feature
Selection for Big Biological Data" was accepted to a top-tier data mining journal IEEE Transactions
on Knowledge and Data Engineering (TKDE).
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