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MIDAS

Time series are sampled at various frequencies including monthly, quarterly,

and yearly. Mixed Data Sampling (MIDAS) econometrics is an innovative approach to analyze mixed
frequency data without performing temporal aggregation. In the present research, | resolve three
problems which are related with MIDAS. First, 1 propose a mixed frequency Granger causality test (i.
e., test of incremental predictive ability) that operates well even when the ratio of sampling
frequencies is relatively large. Second, | propose a white noise test (i.e., test of
unpredictability) that can be applied to a residual from a regression model involving many
parameters. Third, | revealed that the declined Japanese stock prices were a main cause of the
sluggish private investment in Japan during the Lost Decade.
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