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We examined the basic model that can understand the relationship between the

structure of online social networks and user dynamics, and obtained the following results.
(1) We established technology for estimating the structure of online social networks by active
measurement. (2) We established technology for suppressing explosive user dynamics such as online
flaming and technology for detecting signs of the flaming. (3) We clarified the frequency dependence
of the damping characteristics of user dynamics. (4) We derived a fundamental equation that can
explicitly describe the causal relationship of the effect of the network structure on user dynamics.
(5) We clarified the model that describes the occurrence of the flash cloud.
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