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TMRI

As for the brain decoding method, we have ﬁroposed a data augment method by
using a multimodal deep learning model to tackle the lack of enough data to train the parameters of
a deep learning model. We have also investigated a fundamental mechanism to generate an image from a
sentence. We have furthermore verified that there is a prediction ability in the brain by

confirming correlation between the representation layers and the brain activity data observed by
means of TMRI.
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A bird sitting on the
branch of an apple.
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A bird sitting in top of an
orange tree.
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A fire hydrant sitting on the
side of an empty street.
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A bird is perched on top
of the tree branch.
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