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In this research, in order to deal with a wide variety of applications and
structures of DNNs, we have researched and developed an Al architecture with low cost, high
usability, high speed, and ultra-low cost with reconfigurability. The circuit structure of a
power-consuming reconfigurable Al accelerator is revealed. We also evaluated the performance at the
layout design level using the standard cell library. Maximum operating frequency when implementing
the pythorch-AlexNet model for CIFAR100 The frequency was 350 MHz. The processing power per second
of the inference model is 100 [FPS], the power consumption is 0.11 [W], and estimated energy
efficiency was 883 [FPS/W]. Based on the architecture developed in this research, we plan to work on

models for edge computing.
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