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First, we developed a graph database on the embedded system and a
distributed collaboration system on the Andorid terminal. It features a user interface for grouping
ideas and relationships using the KJ method. Next, for social activities such as social networks, in

order to efficiently obtain information based on the relationships between the objects and the
relationship between the objects, we devise a concept of relation-based query, and develop a graph
database query language RelSeeker, which has functions to execute relation-based queries.
RelSeeker is based on Datalog, which is a declarative programming language suitable for describing
the relationship of target information. The above results can be applied to loT device management
and shows that the management can be implemented with the single framework, a graph database.
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Node Type: Person Relation Type: isFriendOf

label: INode'i——_—vi Node
_ : : since: |
name: | = oo oo b
age:
 label:person | £ (Iabel:person'
name: john | — * name: steve
J isFriendOf l age: 30
agei38  Jgnce:2018/5/10
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knows [ (X:person) , (Y:person) ]
:-isStudentQf [ (X:person), (Y:person)] .
knows [ (X:person) , (Y:person) ]
: -1isSonOf [ (X:person) , (Y:person) ] .
knows [ (X:person) , (Y:person) ]
:-isSisterOf [ (X:person) , (Y:person)] .
knows [ (X:person) , (Y:person) ]
:-isFriendOf [ (X:person), (Y:person)] .
9 knows [ (X:person) , (Y:person) ]
10 :- knows [ (X:person), (Z:person) ]
11 AND knows [(Z:person), (Y:person)].
12

[ B
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13 get Y
14 where knows [ (X:person), (Y:person) ]
15 AND X.name = "John".

6 RelSeekerd T® Datalog A7 7 — U ok

Data Query Relationship rules
parsing query query
Device Datalog processing processing
translating MySQL queries :ﬁgirr:/e
Cloud executing MySQL query database
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