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The objective of this research is to develop lexical-semantic processing and

supervised deep learning technique for text classification that classify test documents which are
different period of the training documents. We have published five papers as our research output
this pear. More specifically, (1) identification of domain-specific senses, (2) two approaches for
word sense disambiguation, and (3) semantic equivalence. Furthermore, we proposed a method to
utilize the lexical semantics of a label assigned to the training data and semantics of words in a
document to improve the overall performance of text classification task. In future, we are going to
extend our current domain-specific senses to fewl labeled training instances.
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