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Unified word embeddings for domain Ontologies and large-scale documents
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For apleing deep neural learning, it is crucial to represent words and
sentences as numerical vectors that reflect the original semantic contents. In this study, we
developed a new method to integrate documents information and knowledge structures into a single
space on the basis of the Poincare embedding technology. Our retrofitting method maps textual
Poincare GloVe embedding vectors to the hypernym Poincare embedding space so that the similarity
among textual embedding vectors are preserved. Experimental results show that we can improve
hypernym detection performances of the textural Poincare embedding vectors by retrofitting the
textual vectors to the skeleton of hypernym embedding vectors. In addition, we created a
traffic-rule corpus that has links from traffic terms to a traffic Ontology concepts and relations.
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