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In this study, we have developed the latest neural network structure-based
controllers and their data-driven tuning methods by applying various deep learning techniques in
order to improve their practicality and versatility. We have also developed data-driven control
system design methods without a reference model by applying deep reinforcement learning. In
particular, we have improved response prediction methods so that control performance evaluation is
accelerated in the control system design process. Furthermore, we have proposed a method for
constructing an evaluation model using a neural network that can represent the control engineer”s
knowledge and insight for control characteristics.
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