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Estimating Factors That Trigger Derivative Work Creation for Supporting N-th
Order Derivative Work Creation
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(1) We proposed a user-generated content recommendation method where a
user’ s role of a consumer and that of a producer were adaptively bridged. Our proposed method
outperformed the state-of-the-art user-generated content recommendation method. (2) On our Web
service called "Songrium Derivation Factor Analysis,” we revealed that implemented functions enabled
users to understand the N-th order derivative creation activity at a deeper level and find original
content and derivative content from a new viewpoint. (3) We analyzed the collaborations between
creators in N-th order derivative creation and showed that collaborative videos tend to become more
popular than non-collaborative ones and creators who have collaboration experience are active for a
longer time than inexperienced creators, etc.
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