(®)
2017 2019

A Study on Prosody Embedding Based on Gaussain Proceess Latent Variable Model
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In statistical speech synthesis, labels in speech synthesis must include not

only text but also prosodic information. As a method to obtain latent prosodic information such as
accent from speech, we proposed speech synthesis using Gaussian process latent variable model. In
this study, we first investigate a speech synthesis system based on deep Gaussian processes, which
can extract hidden embedding from complicated language features. The speech synthesis can infer
unknown prosodic information as a randam variable of probabilistic model. Therefore, we proposed a
semi-supervised speech synthesis system, in which labeled and unlabeled speech data is used as a
trainind data by estimating latent prosodic features of the unlabeled speech data.
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