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Sparse modeling using basis functions suitable for representing physical
properties.

Igarashi, Yasuhiko
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Sph XPS

In this study, we developed an SpM method that incorporates the physical
properties of basis functions. As a result, we have constructed a fast spectral decomposition
algorithm for spectral data such as XPS. Furthermore, an efficient data analysis method for
synchrotron radiation data analysis was constructed based on the theoretical formulae, and the
method was extended to ultrafast spectroscopy as an example of application to time series data.
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