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Computer-Aided Diagnosis (CAD) systems have gained attention as essential
support for a clinical decision of “ particular’ diseases. The purpose of this study was to
construct an integrating imaging diagnosis system focusing on a wide variety of diseases. This
system combines the lesion detection by CAD with a diagnostic imaging ontology. uring this research
period, three following ontologies were constructed: normal imaging anatomy, relations between
diseases and image findings, and relations between image findings and image analysis. The
integration of these three ontologies will not only be the foundation of a CAD that contributes to
the detection of a wide variety of diseases but will be an explainable artificial intelligence.
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