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Development of Double-Speed Movie Drive Processing Technology for Cardiac
Catheterography
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The result of this study is a deep neural network (U-Net) for removin?
unsharpness due to motion. First, the U-Net was trained using still movies of metronome oscillations
as the teacher images and movies with a frame rate of 7.5 fps and a metronome frequency of 160 bpm
as the training images. Then, from the 50 cases of movies of the right coronary artery, additional

U-Net training was conducted using the image from the cardiac phase with small coronary artery
motion as the teacher image and the training image as the image in which insensitivity could be
confirmed. As a result, sharpness of coronary arteries was significantly eliminated. The processed
images were stitched together as frame images and played back as a pseudo-movie, resulting in a
video in which the coronary arteries can be clearly observed.
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3 Deep convolutional neural network (DCNN;U-Net)
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Fig. 3 U-Net
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