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Dual-port SRAM for a deep learning processor was imﬁlemented in a 28nm

FD-SOI process. It was confirmed that the energy consumption required for the read operation of
image data can be reduced by 14.76%.

This technology was expanded in a 20-transistor ultra-multiport SRAM for codebook quantization in a

deep learning processor; a prototype 4k-bit codebook that functions as a lookup table to convert 8

bits to 16 bits was fabricated in a 40nm process. The codebook reduced energy by 20% and area by 26%
in the motif processor, NVIDIA NVDLA.
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