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Building an estimation model of "Information Literacy Survey® using Population
Model and Multidimensional Item Response Model
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This study aims to examine the usefulness of an estimation model using

Population model and Multidimensional item response model to estimate unbiased population
characteristics in large scale assessments such as "Information Literacy Survey." Particularly, it
showed that 1) when incorporating auxiliary variables such as test takers™ and schools® attributions

into the model, conditioning the population model is more effective than the multi-group model, 2)
on measuring multiple abilities (subjects and subdomains). Velicer®s MAP is effective for evaluating
the number of dimensions, and 3) in equating scales, Concurrent Calibration Method is a slightly
precision, but Equation Coefficient Methods are more effective about estimating equation errors and

evaluating outlier items.
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