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Development of machine learning-based brain tumor image diagnosis support
technology
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Although machine learning technology has shown great promise in assisting
the diagnosis of medical images, its evaluation has yet to ge established. The main objective of
this study was to construct a diagnostic support model to discriminate between multiple types of
brain tumor images using deep learning and to evaluate its performance for brain tumors that are of
high clinical importance and occur relatively frequently. Input images were created by extracting
T1-weighted, T2-weighted, and contrast-enhanced Tl-weighted images from brain MRI images of
glioblastoma, primary central nervous system lymphoma, and meningioma, and trained on a publicly
available deep learning architecture using the fine-tuning method. When the trained model was

allowed to identify the images for validation, correct answers were obtained with more than 90%
accuracy.
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