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Establishment of artificial intelligence (deep learning) system for histological
diagnosis and prediction of malignancy in lung cancer
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In this study, an artificial intelligence system was developed in
collaboration with the faculty of engineering to predict histopathological diagnosis and malignant
potential based on pathological invasiveness from three-dimensional CT data of lung cancer. By
comparing the diagnostic performance between the developed artificial intelligence and with thoracic

radiologists, the effect of the artificial intelligence on the diagnostic performance for
radiologists was also statistically analyzed. In addition, the diagnostic process of the artificial
intelligence, which is regarded as a black box, could be visually understood by displaying the area
of interest in color on CT images. This research may lead to the construction of diagnostic imaging
assistance systems for radiologists and their technological development.
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