©
2018 2020

Retrieval and detection of 3D shapes based on details of their parts
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This study tried to establish easy to use, efficient, and accurate methods
for detailed 3D shape retrieval. We focused on following two areas; (1) semantic segmentation of a
3D shape into meaningful parts, data-driven association of partial shape and whole shape,
unsupervised learning of 3D shape feature extractor, (2) query presentation and query navigation
methods for detailed 3D shape retrieval using hand-drawn sketches, text, and other medium as input.
We applied various supervised and unsupervised learning methods using deep neural networks for such
issues as 3D shape feature extraction, association of heterogeneous features (e.g., sketches and 3D
point sets), part-whole association, and shape similarity comparison.
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