©
2018 2020

3D Shape Modeling from Sparse Multi-view Images
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We propose a method of three-dimensional (3D) volume modeling from sparse
multi-view images (e.g., only a single-view input or a pair of front- and side-view inputs). The
volume determined from such sparse inputs using previous methods appears blurry and unnatural with
novel views; however, our method preserves the appearance of novel viewing angles by transferring
the appearance information from input images to novel viewing angles. For appearance information, we

use texture features learned from the input images. We demonstrate our method successfully provides
natural-looking volumetric shapes from sparse multi-view input images.

Computed tomography



Computed tomography (CT)

CT
X X
CT
Gregson

stochastic tomography [1] 1
1 [2]

[3, 4, 5]

0° 90° 2
CT 1 [6]
1 2
1 0° 90°

20° 45° 70°

1) 2 ot BHOOETY I LERY 2— L,

5
&

D

2

Single image 3D modeling l Single image

B2) 1 MOERASET Y VI LIBIRDORY 12— L4,



4
4-a 4-b
v. 4-b 4-a
i ( ( ) ( )
E3) A ANER, FTERABRE T2 2T + Bk, [7.8]

( 4-c 4-d)
( 4-e)
( 4-3)

M) T 0 AF v ERFEEBAROET ) > JICHBA LIBOBE,

2
( )
256x 256
256x 256x 256 Weber [10]
CG
1 2
1 ( 0° ) ( 90° )
2
2- 396
( 0° ) ( 90° ) 2
5 Kroes
Exposure Render [91

M5) A% ER (0 ) & 90° ) A iR
BARDKRY 2—L, T/XAFYvAERFEEHADOET Y v 7ICHEA LBORER,

1 Portilla



Structure from motion
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