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Deep Learning contributes to improving natural language processing.
Especially, in machine translation, it improves translation accuracy dramatically. Based on these
results, we need to accelerate implementation of intelligent systems for social services.
Especially, it is important to communicate a computer with more natural language expression.
In this research, we realize language generation according to preceding contexts and try to
construct more flexible natural language processing. Speaking concretely, we are able to construct a
neural conversation system that changes reply utterances according to the preceding utterances.
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Human > Hi.
System > Hello ...

a train traveling down tracks near a station. a person walking a down a road next sign.
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