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We developed a computer program which can estimate each voxel value of the

latest CT examination from voxel values of the previous CT examination.

Furthermore, it can also

estimate the estimation error. Using these estimated CT value and the error, z-score of each voxel
in the latest CT examination is calculated so that the anomaly-highlighted image is displayed. The

proposed system was validated with a real film-reading environment.

The experiment was performed

with 11 radiologists and 80 datasets, and the improve of the receiver operating characteristic (ROC)

curve was confirmed using the proposed temporary subtracted CT.
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