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Real-time flood prediction of urban rivers with artificial intelligence

HITOKOTO, Masayuki
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Using high-resolution rainfall data and deep learning, we constructed a

rapid and accurate river water level prediction model for small and medium-sized urban rivers, which

had been considered difficult to predict, and demonstrated it in the Tsurumi River. We also
constructed a model that can directly read high-resolution rainfall radar data using a convolutional

neural network (CNN), and demonstrated it in several river basins. In addition, we have improved
the model by hybridizing it with physical models, applying explainable Al (XAl), and improving its
applicability to inexperienced events through data augmentation. In the final year of the project, a

review paper on runoff analysis using deep learning was published. In addition, as a development
from the main theme of this research, we conducted a basic study of inundation area prediction
technology for inundation by river water using artificial intelligence.
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