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The purpose of the study was to develop a system for predicting radiation
therapy prognosis based on a radiomics with patient’ s variability in the treatment. Radiomic
features with patient’ s variability were extracted from multi-modal medical images acquired in and
before the radiation therapy. We developed system for predicting radiation therapy prognosis and
factors related to the prognosis using the radiomic features with patient’ s variability. We have
been suggested that the radiomics-based system with the patient’ s variability would be feasible for

predicting the radiation therapy prognosis.
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