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Promotion of learning process of deep learning by interference
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In this research, on the regularization method we have proposed and named
ShakeDrop which improves the accuracy of object recognition (aka, image classification) using "
interference of learning process," we have completed (1) improvement of learning ability, (2)
development of a method that requires less training data, and (3) unraveling the mechanism.
Through various experiments, we have shown (1) and (2) hold.
Regarding (3), we have got an explanation that "promotion of learning process of deep learning by
interference” is achieved by data augmentation in the feature space.
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