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Development of a new MRI image reconstruction by the fusion of compressed

sensing and deep learning
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Bx using a measured data from radial scan MRI, simulated data with varying
degree of time delay in the acquisition was generated. A correction method for this delay was
reported at the international conference international society for magnetic resonance in medicine,
ISMRM 2020, abstract number #0657). For the deep learning network, a network consists of VGG19 and
the following upsampling layers (Conv2DTranspose, Dropout, concatenate, BatchNormalization,
Activation) was constructed and trained with 5000 knee MRI images, with a successful image recovery.
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