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By taking recent developments on optimization algorithms into account, the
practical model selection algorithms for pattern recognition such as (1) algorithm to
determine the optimum hyper-parameters of the classifier, (2) selection algorithm of
the effective features for pattern classification, (3) efficient learning algorithm for
object detection in image, (4) automatic design of classifiers with high generalization,
(5) feature selection algorithm for object tracking in the image sequences, were
proposed and the effectiveness of the optimization algorithms was confirmed.
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