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Infrastructural development of support system for evaluation of historic
townscape to supplement its design
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This study aims to find the scheme of dataset and system for Al-based
evaluation support system of continuous building elevation especially targeting historic towns, and
to develop model base for the system. As methodology, we set research model areas such as
Hizenhama-shuku, Shiota-tsu, and Arita-uchiyama which are historic towns in Saga prefecture in
Japan. Then, we conducted basic analysis related to townscape and building recognitions using
supervised learning and semi-supervised learning. Besides, we also conducted picture recognitions of

baroque cities, Vienna and Paris considering type of streets using supervised learning.
As results, we could get basic knowledge for developing Al-based evaluation support system of
continuous building elevation, and could build datasets for the development.
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