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Diagnosis of Ai (postmortem images) using Al (artificial intelligence)
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i We evaluated the performance of Al in diagnosing drowning on postmortem CT
images. The sample consisted of 153 drowned bodies and 160 non-drowned bodies taken at the

University®s Ai Center, with a slice thickness of 1.0 mm per body and 30 mm spacing, typically 7
levels, 4 images per level, 28 images in total. The "drowning probability” for each component image

was calculated, and the arithmetic mean of all images was used for the final decision (0.5 or
greater is drowning). Area under the receiver operating characteristic curve (AUC) analysis was

performed for each of the 10 cross-validations to evaluate performance. The results yielded an
arithmetic mean of 0.95. The Al was shown to be a useful and powerful complementary test for the

diagnosis of drowning on postmortem lung CT images.
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