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Spatial recognition based on deep learning and its application to sensory
integrated myoelectric hand
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In this study, we discussed a novel master-slave control method. The
proposed hand was equipped with a vision sensor, an IMU unit, and artificial intelligence based on
deep learning technique. The hand can recognize general objects in the environment and estimate
their posture, as well as measure the posture of the hand i1tself. These functions make it possible
to perform complicated hand grasping operations that were difficult for conventional master-slave
control method. We also tried to design a distinctive neural network that can be trained with
multi-modal inputs in end-to-end manner. The validity and effectiveness of the proposed method were
verified with experiments using various general objects.
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