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Humans decide their actions and select the best one among available
alternatives based on their own judgment criteria. The criteria can be utilized, for example, to
design machines that compete with skilled craftsmen. We, however, cannot directly observe them. We
only can observe the actions taken and the alternatives selected. The research proposes methods that

estimate judgment criteria using those observable data. The biggest issue here is that the data
only cannot determine the criteria uniquely. To solve this, the research proposed a method that
determines a representation of judgment criterion with a complexity suitable for the amount of given
data, and another method was developed that utilizes fluctuations in human actions, i.e., the fact
that humans do not always take the best actions, as additional and useful information. Applications
of these methods to example problems verified their validity.
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