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Development of Data Model for Attacking Behavior in Ball Sports
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The purpose of this study was to develop a data model for evaluating the
qualitative behavior of offensive behavior in ball sports based on the player®s position
information, movement amount, and movement trajectory that can be obtained during games and
practices.We created an image data set (2344 images) classified into 22 attacking behavior patterns
in organized attack scenes of a handball match using an illustration creation application. Using
this dataset, we performed image classification by machine learning.

As a result, 89.3% accuracy was achieved in the classification model of 24 types of attacking
behavior patterns in this study.
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