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Mindfulness is widely used to become aware of wandering thoughts through
meditation and efficiently direct attention in the appropriate direction. In this study, to
construct a scientific practice support method based on information on brain functions, we
investigated a technique to "visualize™ the changes and trajectories of practitioners accompanying
meditation and provide feedback to them by measuring brain activity using our original analysis
technique. The experiments and analysis using MRI have shown that it can visualize the dynamic
changes in brain states associated with focused meditation and help quantify mindfulness. We also
adopted this technology to detect driver®s distractions in an actual car environment. We showed that

it is possible to predict the degree of distracted driving based on the driver®s brain activity.
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The number of brain regions using AAL Feature values
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