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We aimed to establish a computational method for inferring causal
relationships such as phenotypes from time-lapse microscopy images data. We focused on Convergent
Cross Mapping (CCM) and a nonparametric extension of the Granger causality test (NPMR) as the
previous c methods targeting for nonlinear time-series data. We then proposed a novel method based
on the NPMR. We confirmed the effectiveness of our proposed method by comparing it with CCM and NPMR

on artificially generated time series data. Using time-lapse images of C. elegans with microtubules
visualized with GFP observed by fluorescence microscopy, we tried to obtain new biological
knowledge about the dynamics of the female pronucleus and microtubule sperm asters

C. elegans
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