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We consider that the process that ﬁeople create various human motions in
their minds and the process that people recognize various human motions are complicated and
non-linear. And we modeled them using two different kinds of deep neural networks: generative
adversarial networks and variational autoencoders. We trained the proposed models using human motion

dataset captured with optical motion capture system. And we confirmed that the trained models can
generate various natural human motions.
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(2) Wasserstein GAN
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(3) variational Recurrent Neural Network
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5 Variational Recurrent Neural Network
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