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The purpose of this research is to automatically assign tags (labels) to
statistical data published on the Web by the government, which is called open government data. We
use multi-label classification, a method that assigns multiple labels to a single dataset. We are
particularly interested in infrequent labels in training data and aim to assign them.

Focusing on the simultaneous occurrence of multiple labels in a single dataset, we proposed an
oversampling method to increase the training data for labels that appear infrequently. Also, we have
developed a system that recommends tags to be assigned to a single dataset when the title or
description of the dataset is given as input.
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