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Does the Word Embeddings of Medical Terms by Word2Vec Quantitatively Represent
the Mathematical Distance between Diseases?
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In this study, we used Word2Vec and Doc2Vec, two deep learning techniques,
to obtain distributed representations of words and sentences from the medical records (text data of
electronic medical records) of patients who visited the Department of General Medicine, Chiba
University Hospital from 2013 to 2019. In Word2Vec, a total of 10578020 words were used for deep
learning of word-to-word proximity and relationships. As a result, "consultation" and "referral,” "
cough™ and "nasal discharge,” and "hay fever" and "allergic rhinitis" were shown to be similar
words. We also tried to predict diagnosis names by deep learning using Doc2Vec by pairing embedding
vectors of medical records with diagnosis names, but the accuracy was only 50%.
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