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Validation and proposal of a framework for the application of artificial
intelligence techniques to epidemiological data

Ooka, Tadao
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By utilizing data from about 20 years of health checkuEs at health checkup

facilities, we have succeeded in developing an artificial intelligence model that can accurately

predict who will have a sharp rise in HbAlc, an important indicator of type 2 diabetes, based on the
results of the previous year"s health checkups. By validating these models, we identified factors

gg.g., cholesterol levels, blood pressure) that are important in predicting the onset of type 2
iabetes.

Furthermore, by developing this model, we have also developed an artificial intelligence model that

can accurately predict the results of health checkups one and three years from now, based on the

results of past health checkups.

In the future, a randomized controlled trial will be conducted to confirm whether the model can be

used in actual health checkups and health guidance to promote the health of examinees.
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Optimal point Optimal point
Method HeshE Sensitivity Specificity il F-score Precision Recall
Stepwise Logistic
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