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In epigenome studies for bacteria and eukaryotic microorganisms, PacBio
sequencers are widely used due to its ability to detect various types of DNA methylation including
6mA. When the polymerase encounters a methylated site during sequencing, it spends a longer time for

incorporating the base, which is measured as a kinetics feature called inter pulse duration (IPD).
In bioinformatics methods for PacBio methylation analysis, several machine learning (ML) models have
been developed for using IPD for various downstream tasks e.g. methylation detection and
methylation fraction estimation. In this study, we improved these ML models.
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